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Abstract: For decades, the federal government has expected vocationally-focused programs in 

higher education, especially among for-profit colleges, to lead to gainful employment in a 

profession. In the mid-2010s, the U.S. Department of Education developed gainful employment 

(GE) regulations that sought to tie a program’s federal financial aid eligibility to graduates’ debt-

to-earnings ratios. We use a regression discontinuity design to examine whether for-profit 

programs’ performance on GE was associated with the likelihood of closing the program or 

college. Although the regulations were repealed before any program lost federal funding, we find 

that passing GE was associated with a lower likelihood of program and college closures.  
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During the late 1990s and 2000s, the private for-profit college sector rapidly expanded its 

role in American higher education. The percentage of all students enrolled in colleges 

participating in federal financial aid programs who were attending for-profit institutions rose 

from 3.5% in 1997 to 11.3% in 2010 (McFarland et al. 2018). As with prior expansions of the 

for-profit sector in the 1950s and 1980s (Investigation of GI Schools 1951; Whitman 2017), 

policymakers raised concerns about the quality of education received and whether students and 

taxpayers were receiving a return on their investment of time and resources. Senate Democrats 

launched an investigation into for-profit colleges’ marketing practices and pricing strategies in 

2010 (Committee on Health, Education, Labor, and Pensions 2012), while a report by the United 

States Government Accountability Office (2010) found fraudulent and deceptive practices in the 

sector. 

 The Obama administration made heightened scrutiny of for-profit colleges one of its 

signature policy initiatives. A key component of that initiative was using existing provisions in 

the federal Higher Education Act that mention “gainful employment in a recognized occupation” 

as a requirement of nearly all programs at for-profit colleges that wish to receive federal 

financial aid as well as certificate-granting programs at private nonprofit and public institutions 

(U.S. Department of Education 2010). However, those provisions historically did not define what 

gainful employment (GE) meant and were not used for accountability purposes. 

 After legal battles lasting most of the Obama administration, GE regulations went into 

effect in July 2015 after a last-ditch effort by for-profit colleges to block the final regulations 

(Thomason 2015). Only one year of GE data were ever collected under the final regulations and 

made available to the general public. This release, which occurred in the final days of the Obama 

administration in January 2017, placed programs into three groups (passing, in an oversight zone, 
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or failing) based on their performance on the better of two debt-to-earnings metrics (McDonough 

2017). Programs were scheduled to lose access to federal financial aid for three years if they 

remained in the oversight zone for four consecutive years or failed in two out of three years 

(Kelchen 2018b). However, no programs ever lost federal financial aid access due to the Trump 

administration not enforcing and then repealing GE in 2019 (Kreighbaum 2018; American 

Council on Education 2019). 

 Most of the potential effects of gainful employment regulations are concentrated among 

for-profit colleges. In this sector, labor market outcomes tend to be poorer on average than other 

sectors after controlling for other characteristics (e.g., Deming, Goldin, and Katz, 2012; Armona, 

Chakrabarti, and Lovenheim, 2018; Cellini and Turner, 2019). Since for-profit colleges generally 

do not receive direct state subsidies or preferential tax treatment like their public and private 

nonprofit peers, students tend to take out more debt to attend for-profit institutions (Armona et 

al. 2018). As a result, for-profit colleges hosted 96% of the programs that did not receive a 

passing score and 99% of all programs that failed (authors’ calculations using Federal Student 

Aid data).  

There is a small body of literature exploring the implications of GE among for-profit 

colleges. Fountain (2019) found that for-profit colleges grew less quickly than public and private 

nonprofit colleges following the announcement of the 2010 GE regulations. A qualitative study 

by Hentschke and Perry (2015) reported that for-profit college leaders planned to make four 

main efforts in response to GE: reduce debt, raise admissions standards or allow trial enrollment 

periods, shorten programs and get students to enroll full-time, and hire additional staff members 

to support student services and job placement. Several other studies raised concerns about GE 
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reducing access to higher education among traditionally disadvantaged populations (Guida, Jr. 

and Figuli 2012; Matsudaira 2017; McDonough 2017).  

To this point, there has been no research that empirically examines whether colleges 

closed low-performing programs as a result of the GE regulations. In their press release 

unveiling the final 2017 GE data, the U.S. Department of Education (2017) noted that the 

number of programs subject to GE fell by nearly 25% between 2014 and 2017. They then 

attributed this decline to institutional efforts to close poor-performing programs. There are 

anecdotal reports of this occurring in both the for-profit and nonprofit sectors following the 

implementation of GE (Carey 2017; Haigney 2017), and McCann (2018) found that 65% of 

programs that failed the 2017 GE test were closed by August 2018. However, none of these 

reports used causal mechanisms to examine whether colleges closed programs based on their GE 

performance. This type of analysis is needed to determine whether GE policies were effective in 

closing low-quality programs. 

In this paper, we use a regression discontinuity research design to examine whether the 

labels placed on programs (pass, fail, or zone) in the 2017 gainful employment data release 

affected colleges’ operating decisions. The data release provided continuous debt-to-earnings 

ratios that are described in more detail in the next section, but we test for whether the labels of 

passing, zone, or failing influenced colleges’ decisions separately from the continuous ratios. 

Any significant findings would provide evidence for the effects of accountability thresholds. Our 

research questions are the following:  

(1) What was the effect of passing the GE debt-to-earnings thresholds on program and college 

closures?  
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(2) What was the effect of failing the GE debt-to-earnings thresholds on program and college 

closures relative to the zone? 

 

<A>How Gainful Employment Worked 

 The Obama administration’s effort to implement gainful employment regulations 

included three separate data releases. In 2010, the U.S. Department of Education released an 

initial set of gainful employment (GE) regulations that sought to tie individual programs’ federal 

aid eligibility to performance on either a debt-to-earnings metric or a student loan repayment rate 

metric (Office of Postsecondary Education 2010). A program would have passed if their 

repayment rate was above 35%, annual debt-to-earnings ratio was below 12%, or their 

discretionary debt-to-earnings ratio that excludes earnings below 150% of the federal poverty 

line was below 30%. If none of those metrics were met, the program would have failed. Colleges 

received data on their performance for informational purposes only in June 2012 (Baker 2012), 

and the dataset was also released to the public. However, this proposed set of regulations was 

successfully challenged in court by for-profit colleges’ main lobbying group in 2012 (Huckabee 

2012). The Department of Education was then required to promulgate the regulations again.  

 As a part of the resulting negotiated rulemaking process, the Department of Education 

released a second dataset to the public in December 2013 with another proposed set of GE 

metrics. This proposal would have required programs to pass both a cohort default rate metric (a 

three-year rate below 30%) and debt-to-earnings metrics (annual debt-to-earnings ratio below 

8% or discretionary debt-to-earnings ratio below 20%) in order to pass. Programs with an annual 

debt-to-earnings ratio between 8% and 12% or a discretionary debt-to-earnings ratio between 
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20% and 30% would have been placed in an oversight zone if they passed the default rate metric 

(U.S. Department of Education 2013).  

After the negotiated rulemaking session, the second set of GE regulations was released in 

late 2014 (Office of Postsecondary Education 2014) and included the two debt-to-earnings ratios 

as in the 2013 proposal while dropping the default rate metric. The regulations then went into 

effect in July 2015 and data were released for the first—and only—time in January 2017. Each 

program subject to GE with at least 30 graduates over a given period of time (either two or four 

years, depending on program size) was evaluated based on the debt-to-earnings ratios of their 

students who graduated no later than the 2011-12 academic year (Federal Student Aid 2018). For 

both debt measures, a program was evaluated using the highest of mean or median earnings, with 

earnings consisting of wages reported to the Social Security Administration.
2
 The amortization 

period for debt varied by credential level, with the payback period being ten years for certificate 

and associate programs and 15 years for bachelor’s degree programs (Federal Student Aid n.d.). 

If a program did not pass, the calculations were repeated using the debt burdens of a transitional 

cohort that graduated during 2014-15 to allow for programs to respond to the possibility of future 

sanctions.  

A program’s reported result on the GE test is based on the best rating of the up to four 

calculated measures (total or discretionary income with the initial and transactional cohorts, if 

necessary). For example, one passing score and three failing scores would result in an overall 

passing score (Federal Student Aid n.d.). As in previous GE data releases, total income includes 

all of a person’s income and discretionary income excludes income below 150% of the federal 

                                                 
2
 If the reported debt burden is higher than direct educational expenses (tuition/fees and books/supplies/equipment), 

the value for direct educational expenses was used in the gainful employment calculations (Federal Student Aid 

2018).  
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poverty line. Programs that failed twice in a three-year period or were unable to pass (with fail or 

zone scores) in four consecutive years were scheduled to be subject to the loss of federal 

financial aid dollars (Federal Student Aid 2015).  

Table 1 shows how undergraduate degree and certificate programs at for-profit colleges 

included in the 2012 and 2013 draft GE data releases fared in future releases. Notably, 97% of 

programs earned passing scores in the 2012 data release, compared to only 54% in the 2013 data 

release. Fully 45% of the programs that passed in the 2012 release did not have enough 

information available to calculate a status in 2013, with this rate rising to 59% for the 2017 

release. This is likely a mix of programs that were too small in future years to meet the sample 

size criteria or programs that closed. Programs that passed in the 2013 release were the most 

likely to pass in the 2017 release (54% versus 15% for zone programs and 16% for failing 

programs) and were the least likely not to be in the 2017 release (34% versus 42% for zone and 

51% for failing programs). 

[Insert Table 1 here] 

 

<A>Theoretical Framework 

 The gainful employment label was based on continuous debt-to-earnings measures, as we 

describe in more detail in the following section. However, the label assigned to a particular 

program (pass, zone, or fail) may disproportionately influence whether a college chooses to 

continue operating that program. In this section, we provide a theoretical framework for why 

there may be a change in the likelihood of program closures at the classification threshold. 
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 The Obama administration implemented GE with the goal of inducing low-performing 

programs to either close or invest in improving student outcomes. This aligns with principal-

agent theory (Spence and Zeckhauser 1971; Jensen and Meckling 1976), in which the federal 

government seeks to incentivize behavior by paying for the outcomes that they desire. Because 

programs could lose funding based on repeatedly being in the zone or failing GE, colleges could 

make decisions about programs based on both the pass/zone and zone/fail thresholds by 

investing in programs that are closer to passing and rethinking programs farther from passing. 

Another option is to continue operating low-performing programs while opting out of the federal 

student loan program as an institution, as some community colleges have done in response to 

facing sanctions for high cohort default rates (Wiederspan 2016). This is less likely to occur as 

for-profit colleges as a sector heavily rely on federal financial aid dollars to fund their operations 

and generate economic returns for their owners (Lee and Looney 2019). 

Colleges may have responded to the threat of losing federal financial aid by closing 

programs that they considered unlikely to sufficiently improve their performance in the future. 

However, since the data were first released shortly before the Trump administration took office 

with a pledge to remove the rule, some colleges may not have expected to lose federal financial 

aid due to poor performance in the short term. But even if colleges did not make decisions to 

close or invest in programs based on the threat of losing federal funding, they could still make 

decisions based on the reputational effect of a poor outcome.  

One of the main goals of the federal government’s accountability efforts (including GE) 

is to get prospective students and their families to vote with their feet and choose high-

performing institutions over low-performing institutions (Kelchen 2018b). This would result in 

colleges closing programs with poor performance due to enrollment declines or the threat of 
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enrollment declines in the future as students consider this information in their college choice 

process. The effectiveness of lower-stakes federal accountability efforts that are not tied to 

federal financial aid eligibility, such as the College Scorecard and the College Affordability and 

Transparency Center, have had limited effects on students’ college choices (Hurwitz and Smith 

2018; Baker 2020).  

 However, providing students and their families with information about extremely poor 

outcomes can have a larger influence on students. Cellini, Darolia, and Turner (2020) examined 

for-profit colleges that received sanctions for high cohort default rates and found a large decrease 

in enrollment at those institutions along with declines at other local for-profit colleges that were 

not sanctioned. Rooney and Smith (2019) looked at the implications of scandals at elite 

American universities and found declines in the number of student applications in the following 

year, although this effect was short-lived and may apply to the for-profit sector (which has seen a 

number of scandals in recent years) in different ways. These studies suggest that students may be 

more influenced by learning that a program fails GE rather than being in the oversight zone. 

 

<A>Sample and Data 

Our sample focuses on for-profit colleges included in the U.S. Department of Education’s 

January 2017 GE data release, which was provided to colleges in draft form in October 2016 

(Eliadis 2016). This release included 5,040 undergraduate programs (certificate, associate, and 

bachelor’s) at 1,467 for-profit colleges (based on Federal Student Aid’s Office of Postsecondary 

Education identifier (OPEID) instead of the Integrated Postsecondary Education Data System’s 

(IPEDS) UnitID identifier) in the 50 states and Washington, D.C. We did not examine programs 
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at public or private nonprofit colleges because 97% of these programs passed GE and the shared 

governance structure at these institutions can make eliminating programs difficult to do in the 

short run. We excluded 354 graduate and professional programs because of the relatively small 

number of observations and because of a lack of variation in outcomes (86% passed).  

We then eliminated 285 programs that never had completions data in IPEDS between the 

2010-11 and 2017-18 academic years so we could have a comparable sample across our 

analyses. The passing rates of these excluded programs (70%) is slightly higher than the analytic 

sample (62%), while the failure rate is slightly lower (12% versus 15%). Our final sample 

restriction was based on our ability to replicate the Department of Education’s gainful 

employment labels based on the underlying data provided in Federal Student Aid’s spreadsheet. 

Thirteen programs received a passing score without having a debt-to-earnings ratio that passed, 

while six programs failed with debt-to-earnings ratios that did not meet the federal government’s 

definition of failure. We excluded these special cases from the dataset because we cannot explain 

their labels based on available data. This resulted in a final analytic sample of 4,736 programs at 

1,427 colleges.  

The key outcome of interest in this study is whether a college or program remained open 

following the announcement of GE results to the general public. We measured closures in two 

different ways. The first was to combine the Federal Student Aid database (2019) of closed 

schools that the U.S. Department of Education updates on a regular basis with a dataset that we 

compiled of program closures using Internet searches. We used February 2019 as a threshold to 

allow institutions a sufficient amount of time to respond to the data release. 
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 Our search protocol consisted of Google searches for each college’s name (in quotes) 

and the program name. The two authors both conducted a portion of searches and cross-checked 

some of each other’s coding between September 2018 and February 2019, with a final set of 

cross-checking being done in February 2019. If a college was reported as closed in the Federal 

Student Aid dataset, we checked at least one program for each of these institutions to confirm the 

closure. If the college was open, we conducted separate searches for each program within the 

institution. This typically led us to the college’s website, although it occasionally led us to 

Facebook pages for some small for-profit colleges without websites.  

If there was a valid website page or active Facebook page that mentioned the program, 

we counted it as being open. If there were mentions of other programs on the college’s website 

or Facebook page but no mentions of the program of interest, we counted the program as being 

closed. In some cases, we supplemented the searches using the Wayback Machine, a service that 

archives previous versions of certain webpages, to see if the program was ever mentioned. If the 

program was mentioned on previous versions but not on the current version, it was coded as 

being closed.  

We also used program-level IPEDS completions data as an additional measure of whether 

a college or program was open. We focused our analyses on completions data from the 2017-18 

academic year, which was the only year of IPEDS data that was available as of this writing that 

was completely after colleges received the GE data in October 2016. Colleges report data on 

completions by 6-digit Classification of Instructional Programs (CIP) code and credential level 

each year, which allows for a program-by-credential merge onto GE data. IPEDS guidance 

requests that colleges report a value of “0” for programs with no graduates in a given year that 

are still in operation, and we followed that guidance in our analysis by considering a program to 
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be open if it reported zero graduates instead of missing data. In cases in which colleges had 

multiple sites operating a program with the same CIP code and credential level under one 

OPEID, we collapsed IPEDS completions data from the UnitID level to the OPEID level.  

The top of Table 2 shows the status of each college and program (college closed, college 

open but program closed, and program remained open) by their GE rating for both data sources. 

Using both IPEDS completions data and our search of program websites combined with the 

Federal Student Aid closed school database, a larger share of programs that passed GE were 

open compared to the share that were in the zone or failed. About 75% of programs that passed 

were open using IPEDS data and 72% were open using our website search compared to 58% and 

43%, respectively, of failing programs. The percentage of programs that were closed while the 

college remained open was between 9% and 15% across sources, with a slightly higher share of 

programs in this group among programs that failed GE. About 29% of programs that failed GE 

saw their entire college close based on IPEDS data, with 43% of failing programs falling into 

this category based on our February 2019 data collection. The rates for passing programs were 

15% and 19%, respectively. We found a lower rate of closures using both IPEDS completions 

data and our Internet searches of programs than McCann (2018) found. She found that 70% of 

programs that failed closed by August 2018, but her sample includes programs at nonprofit 

colleges and graduate programs at for-profit colleges that are not a part of our sample and could 

be driving the difference in the closure rates between our two analyses.  

[Insert Table 2 here] 

 In the bottom part of Table 2, we compared program and college operating statuses 

across the 2017-18 IPEDS completions data and our February 2019 data collection effort by 
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2017 GE result. The two data sources provide the same program status in 76% of cases, with 

more agreement among passing programs than failing programs. For another 15% of results, 

IPEDS data found graduates during the 2017-18 academic year while our search concluded that 

the college was closed by February 2019. This difference can be explained by colleges closing 

between 2018 and early 2019, and it seems plausible since this encompasses 27% of programs 

that failed GE versus 12% of those that passed. Finally, nine percent of programs had no 

graduates in IPEDS but were open based on our search. This suggests that programs were either 

inactive during the 2017-18 academic year or colleges’ websites were out of date. While this 

difference is a minor concern, there are no meaningful differences in the share of programs in 

this group by GE status. 

We considered a number of institution-level and program-level characteristics that could 

potentially be associated with the likelihood of closure separately from the gainful employment 

rating. We used the three-year cohort default rate (CDR) and one-year student loan repayment 

rate from Federal Student Aid and reported in the College Scorecard as alternative measures of 

colleges’ performance. The CDR was used for high-stakes accountability purposes, although 

relatively few colleges faced sanctions for their outcomes. The student loan repayment rate 

reflected the percentage of borrowers who were able to repay any principal one year after 

entering repayment. These measures are only somewhat correlated among for-profit colleges 

(Kelchen and Li 2017), but both capture certain elements of students’ post-college outcomes.  

 We captured student enrollment and demographic characteristics that could affect the risk 

of closure using data from IPEDS. We used total FTE enrollment, the percentage of female 

students, and the percentage of black and Hispanic students. Institutional financial characteristics 
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consisted of the percentage of revenue from federal Title IV financial aid (from Federal Student 

Aid) and per-FTE total revenue (from Federal Student Aid and IPEDS). 

We included the college’s accreditor in this analysis, as prior research has found 

differences in how accreditors sanction colleges for poor performance. A United States 

Government Accountability Office (2014) report found that regional accreditors are more likely 

to sanction colleges with both poor academic outcomes and financial health, while national 

accreditors focused on financial measures when making decisions. Additionally, the Accrediting 

Council for Independent Colleges and Schools (ACICS), one of the largest national accreditors, 

faced scrutiny from advocacy groups and the Obama administration over poor outcomes at many 

of their institutions (Miller 2016). This resulted in a U.S. Department of Education panel 

recommending that ACICS’s ability to be a gatekeeper for federal financial aid be stripped in 

2016 (Fain 2016). While this decision was reversed by the Department of Education in 2018 

without any colleges losing access to federal funds, many ACICS-accredited colleges have 

sought other accreditation options and some may have closed after not finding other suitable 

options (Kreighbaum 2018; Miller and Flores 2018).   

We compiled information on the college’s accreditor from information in the College 

Scorecard and the Department of Education’s accreditation directory, using Internet searches to 

fill in a small number of remaining gaps. We divided accreditors into four categories based on 

their mission and size. All of the regional accreditors were combined into one category, and all 

specialized accreditors (for colleges focusing on programs such as nursing and massage therapy) 

were combined into another category. ACICS, the largest single accreditor of for-profit programs 

subject to GE, was analyzed separately, with all other national accreditors being combined into 

the final category. 
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The first program-level characteristic is the 2010 CIP code that was used to determine 

individual programs in the GE dataset. We divided programs into five categories based on their 

two-digit CIPs. Personal services (12), health (51), and business (52) were all common enough in 

our dataset to merit separate classifications. The personal services group is of particular interest 

because graduates in these fields often receive tips that are often not reported as taxable income, 

and cosmetology programs won the ability to appeal their GE outcomes to the Department of 

Education on that basis (Kreighbaum 2017). We created a set of skilled trades CIPs (10, 11, 14, 

15, 46, 47, 48, and 49) that included fields such as information technology, engineering, 

construction, and precision manufacturing. Finally, the remaining classifications were put into an 

‘other’ category. The second program-level characteristic is the level of the credential, with 

separate categories for certificates, associate degrees, and bachelor’s degrees. This is important 

because bachelor’s degree programs have a longer amortization period than certificates and 

associate degrees and can thus pass GE with higher total debt amounts. 

The final program-level characteristic is the program’s performance on the prior two GE 

data releases in 2012 and 2013. We examined whether the program passed or failed in 2012 and 

whether the program passed, was in the zone, or failed in 2013. We also considered whether the 

program was missing from the GE dataset in these years, which would have been due to small 

sample sizes or the program not existing during these periods.  

Table 3 contains summary statistics of the dataset for the most recent year of data prior to 

the GE data release, with means and standard deviations presented based on whether the 

program’s 2017 GE status (pass, zone, or fail). Programs that passed GE were located at colleges 

with slightly better default and repayment outcomes, were less likely to be accredited by a 

regional accreditor or ACICS, and were far more likely to be a certificate program and in a 
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health field than programs that failed. Associate and bachelor’s degree programs were 

overrepresented among failing programs, potentially because of the higher debt burdens of these 

programs. 

[Insert Table 3 here] 

 

<A>Methods 

 Because a program can have up to four debt-to-earnings ratios but is categorized based on 

its best ratio, we used the best ratio as the forcing variable for the regression discontinuity 

design. Further complicating our analysis is that the debt-to-earnings ratios are based on two 

different denominators: debt-to-total earnings and debt-to-discretionary earnings. This means 

that it is easier to change the debt-to-discretionary earnings ratio than the debt-to-total earnings 

ratio because discretionary earnings is a smaller number than total earnings.  

 We addressed this issue by creating a new forcing variable that reflected the largest 

possible annual debt burden that would allow for a program to receive passing or zone status 

based on debt-to-earnings ratios. To provide an example of how this variable functions, consider 

the Worsham College of Mortuary Science’s associate degree program in mortuary science and 

funeral services. With annual earnings of $36,104 and discretionary earnings of $18,449, the 

program would pass gainful employment with annual debt payments of below $2,888 per year 

using total earnings and below $3,690 using discretionary earnings. With an annual debt 

payment of $1,795 in the GE dataset, the program was $1,895 below the highest possible debt 

threshold that would allow the program to pass. We used two distance measures: distance to 
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passing (including both zone and fail as the comparison) and distance to zone (including fail as 

the comparison).  

 Figure 1 shows plots of the share of programs and colleges that remained open based on a 

program’s distance from the passing and zone thresholds using a quadratic functional form on 

each side of the threshold. Moving from left to right on the x-axis goes from programs with 

lower debt-to-earnings ratios (better performance) to those with higher ratios (worse 

performance), and there is a substantial decrease in the share of open programs as the distance 

from the passing and zone thresholds increase. There appear to be some discontinuities right at 

the threshold along with changes in the distribution of open programs and colleges after crossing 

the threshold. There are larger changes in the share of programs and colleges open after crossing 

the passing threshold compared to the zone threshold. 

[Insert Figure 1 here] 

 We tested two key assumptions of our regression discontinuity design using guidance 

from Lee and Lemieux (2010). First, we tested for the continuity of each of our pre-treatment 

characteristics (as listed in Table 3) across both the pass/not pass and zone/fail thresholds using 

the binscatter command in Stata and a quadratic functional form. These are graphically shown in 

Appendix A.1 for the pass/not pass threshold and Appendix A.2 for the zone/fail threshold. This 

appendix can be accessed on Education Finance and Policy’s Web site at 

www.mitpressjournals.org/efp. The greatest concerns along the passing threshold were with prior 

GE performance and the type of program of study. Programs that passed in 2017 (as indicated by 

a negative distance from the debt threshold) were more likely to pass in 2013, while programs 

that did not pass in 2017 were more likely to be in the zone in 2013. Health programs were 

http://www.mitpressjournals.org/efp
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overrepresented among passing programs, while personal services programs were 

overrepresented among non-passing programs. Similar issues were present along the zone/fail 

threshold, with associate degree and business programs overrepresented among failing programs 

and programs that passed GE in 2013 being more likely to be in the zone relative to failing in 

2017. Programs at regionally-accredited programs and ACICS were more likely to fail, while 

programs covered by specialized accreditors were more likely to be in the zone. 

 [Insert Figure 2 here] 

Our second check was to conduct the McCrary (2008) test to check the continuity of the 

density of the forcing variable at the passing and zone thresholds. We did this using both the 

rddensity command in Stata from Cattaneo, Jansson, and Ma (2018) to calculate a t-statistic for 

differences across the threshold (Table 4) and visual graphics (Figure 2). Overall, the difference 

in density at both the $500 and $1,000 bandwidths was highly significant along the passing 

threshold before becoming insignificant for the $250 bandwidth. Issues with lumping are 

generally concentrated among programs at ACICS-accredited colleges. ACICS’s accrediting 

standards in 2016 did not mention gainful employment (Accrediting Council for Independent 

Colleges and Schools 2016), so this lumping issue was not due to their actions regarding GE. 

Looking along the zone/fail threshold, there are no consistently significant differences in density 

across any of the bandwidths or accrediting agencies. 

[Insert Table 4 here] 

[Insert Figure 2 here] 
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 We first ran a naïve OLS regression model that examined the relationship between a 

program’s labeled performance on GE and program and college closures. The specification was 

the following: 

𝐶𝑙𝑜𝑠𝑒𝑑𝑖 = 𝛽0 + 𝛽1𝐺𝐸𝑃𝑎𝑠𝑠𝑖 + 𝛽2𝐺𝐸𝐹𝑎𝑖𝑙𝑖 + 𝛽3𝐼𝑛𝑠𝑡𝑖 + 𝛽4𝑃𝑟𝑜𝑔𝑖 + 𝜖𝑖                                     (2) 

Closed represents whether the program or college was closed using the two time periods and data 

collection strategies previously discussed (2017-18 using IPEDS completions data and February 

2019 using Internet searches and the Department of Education’s closed school database). 

GEPass and GEFail are dummy variables for a program’s performance, with zone serving as the 

reference group. Inst represents institution-level covariates and Prog represents program-level 

covariates as described in the Sample and Data section above and shown in Table 3. 

Informed by the results of the RD density and continuity tests, our primary analyses 

consisted of a series of RD regressions conducted separately along the passing and zone 

thresholds. We used the following model: 

𝐶𝑙𝑜𝑠𝑒𝑑𝑖 = 𝛽0 + 𝛽1𝐺𝐸𝑖 + 𝛽2𝐼𝑛𝑠𝑡𝑖 + 𝛽3𝑃𝑟𝑜𝑔𝑖 + 𝛽4𝐷𝑖𝑠𝑡𝑖 + 𝛽5𝐷𝑖𝑠𝑡𝑖
2 + 𝜖𝑖                                     (2) 

GE represents the gainful employment threshold (passing versus not passing and zone versus 

failing). In both cases, the better outcome for programs (passing and zone) is coded as 1, so a 

negative coefficient indicates that a lower-performing program is more likely to close than a 

higher-performing program. Closed, Inst, and Prog are as in equation (1). We also controlled for 

first-order and second-order polynomials for the distance from the passing or zone thresholds, 

following guidance from Gelman and Imbens (2019). Our results are similar when using only 

first-order polynomials and no controls for the forcing variable, and they can be found in 

Appendices A.3 and A.4 online. 



20 

 

We ran each RD regression using the same $250, $500, and $1,000 bandwidths that were 

used for the RD suitability tests with OPEID-clustered standard errors.
3
 We also ran analyses 

separately by three types of institutional accreditors: ACICS, specialized accreditors, and other 

national/regional accreditors. These analyses are of interest because the ACICS accrediting 

agency faced additional federal scrutiny during this time period that could have induced colleges 

to close if they feared the loss of federal financial aid due to losing accreditation instead of 

gainful employment. For the sake of brevity, we present the separate analyses by accreditor using 

only the $500 bandwidth. 

 

<A>Limitations 

 While this analysis features a strong quasi-experimental research design and data for 

nearly all large programs at for-profit colleges, there are some important limitations. First, we 

were unable to determine exactly when programs closed. While the U.S. Department of 

Education publishes information on when each branch campus of each institution officially 

closed, they do not publish information on when programs closed. Since not all college or 

program websites were readily accessible through Internet archiving tools such as the Wayback 

Machine, we could not collect that information before our data collection efforts took place in 

late 2018 and early 2019. IPEDS completions data likely do not fully distinguish between 

programs that are closed and those that did not graduate any students in a given year. However, 

using both IPEDS completions data and Internet searches helps to give a more complete picture 

                                                 
3
 As an additional robustness check (not presented here), we ran our analyses excluding the 122 programs (63 zone, 

59 fail) that appealed their original GE label based on the appeal flag in the January 2017 data release. Some of 

these appeals were still pending as of November 2019 (Federal Student Aid, n.d.). Removing these observations 

results in slightly larger (in absolute value) coefficients on most of our regressions, but with the same general pattern 

of results. 
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of what may have happened to these programs. We also have no reason to expect that any 

potential misidentifications of programs or colleges would be associated with a program’s GE 

performance as we used the same search protocol to identify all programs’ statuses.  

Another complication is that if a college operated the same program at multiple sites, the 

GE data were aggregated to one measure with no information about which colleges that affected. 

This caused two issues with our analyses. First, local-level economic conditions could not be 

used as control variables. Second, we likely understated the number of program closures because 

some institutions may have stopped offering a program at certain locations while continuing to 

offer it elsewhere. Some programs with an institutional accreditor may also have their own 

specialized accreditor at the program level. A college that is listed as having a specialized 

accreditor in our dataset likely focuses on a small number of courses of study, while a regional or 

national accreditor covers a larger number of programs. Finally, we were unable to control for 

the performance of other GE-eligible programs due to the strong correlations between a 

program’s label and the share of programs at a college that had the same label. Even when 

excluding the 673 colleges that only had one program in the GE data, correlations between the 

program-level label and the college-level percentage were over 0.6.  

 

<A>Results 

 We first ran OLS regressions examining the relationship between the 2017 GE 

performance label and program and college closures after controlling for other institution-level 

and program-level characteristics. Table 5 contains the results of the regressions, with the key 

rows of interest being for passing and failing GE in 2017 relative to being in the zone. We found 
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negative relationships (indicating a lower likelihood of closure) between passing GE and 

program closures and positive relationships between failing GE and closures. However, both of 

these results were only significant for one of the two closure measures. There were no significant 

relationships with college closures in the OLS model. 

[Insert Table 5 here] 

 We then moved to the RD regressions using multiple bandwidth specifications for the 

distance to passing threshold. Table 6 contains the results for program and college closures. 

Passing GE is associated with a 5.8 percentage point decline in the likelihood of closing (p<.05) 

using the IPEDS measure of closure from the 2017-18 academic year and the tightest bandwidth 

of 250. Expanding the bandwidth yields coefficients of -4.3 percentage points (p<.05) for a 

bandwidth of 500 and -2.6 percentage points (not significant) for a bandwidth of 1,000. Using 

the February 2019 cutoff for program closures using our data collected via Internet searches, the 

point estimates are somewhat smaller than in 2017-18 (ranging from -1.9 to -4.1 percentage 

points) and are not statistically significant. Taking these three bandwidths together provides 

evidence of a modest decrease in the likelihood of closing programs that barely passed GE 

relative to those that barely did not pass, but this effect appears to have faded out quickly. 

[Insert Table 6 here] 

 The results for college closures are similar to those estimated for program closures. The 

estimated effect of passing GE was a reduction in closures by 2.3 to 5.6 percentage points using 

the 2017-18 measure (significant at p<.05 for bandwidths 250 and 500). Coefficients for the 

February 2019 closure measure are less than one percentage point and not significant.  
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 Table 7 shows the regression results for program and college closures along the zone/fail 

threshold. There are no consistent significant effects of GE on program or college closures when 

comparing colleges in the zone versus those that failed. The coefficients tend to get larger in 

magnitude as the bandwidth tightens, but the estimates are not precise enough to rule out null 

effects. 

[Insert Table 7 here] 

 Finally, we ran separate regressions by accreditor type (specialized, ACICS, and other 

national or regional accreditors) to see if ACICS-accredited colleges were affected differently by 

GE than other types of accreditors. As Table 8 shows using the bandwidth of 500, the effects for 

ACICS-accredited colleges were largest using the IPEDS closures measure from the 2017-18 

academic year. Results using the bandwidths of 250 and 1,000 can be found in Appendix A.5 

online. Programs at ACICS-accredited colleges that did not pass GE were 14.8 percentage points 

more likely to close in the 2017-18 academic year than those that did pass (p<.01), and college 

closures were 9.1 percentage points more likely (p<.10). There were no consistent effects using 

our Internet searches in February 2019, and there were no effects on the zone versus fail margin. 

The only other accreditor type with significant effects was the other national/regional accreditor 

category, which saw some smaller negative effects on the program and college closure metrics at 

both time points along the pass/not pass margin. 

[Insert Table 8 here] 

 

<A>Discussion and Future Work 
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Although the Obama-era gainful employment regulations were repealed by the Trump 

administration, there is deep interest among federal policymakers in holding colleges 

accountable for their outcomes (Kelchen, 2018b). While Democrats generally want to restore the 

previous GE regulations that disproportionately affected for-profit colleges, many Republicans 

are interested in expanding GE to all programs regardless of tax status (e.g., U.S. Department of 

Education, 2018). There are also a number of efforts to push accountability to the program level, 

as student outcomes differ considerably across programs within institutions and systems (e.g., 

Webber 2016; Altonji and Zimmerman 2017). There have been multiple proposals in Congress 

to tie student loan eligibility to program-level default or repayment outcomes (Kelchen 2018a), 

and new College Scorecard data now allows for debt-to-earnings ratios to be calculated at the 

program level across public, nonprofit, and for-profit colleges. 

In this paper, we provide the first empirical examination of whether the release of 

program-level outcomes data under GE led for-profit colleges to close low-performing programs 

or even entire institutions. We find that the data release did affect the likelihood of program and 

college closure in the short term before fading away by 2019. Notably, the short-term effects 

were largest for the beleaguered ACICS accrediting agency, which was also under significant 

scrutiny by the Obama administration. 

This pattern of results, with effects being larger on the passing/not passing margin than 

the zone/failing margin and with significant differences by accreditor, raises a number of 

important future research questions. Notably, we find effects on closures even though colleges 

should have reasonably expected that programs were not going to lose access to federal financial 

aid under the Trump administration. These findings match research on two other high-stakes 

accountability policies: Darolia (2013) on cohort default rates and Ward (2019) on the 90/10 rule 
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among for-profit colleges. However, policies that are not directly tied to colleges’ financial aid 

eligibility tend to have much smaller effects on institutional behaviors (e.g., Kelchen 2018b; 

Baker 2020). 

There are three potential mechanisms that could explain our results. The first mechanism 

is through colleges’ own actions to close low-performing programs or colleges following 

learning about performance. Our informal conversations with for-profit college officials and 

investors following the completion of the initial draft of this paper suggest that many people 

were unaware of how individual programs performed prior to the release of GE data and that the 

labels of pass, zone, and fail heavily influenced institutional decisions. This is somewhat 

surprising because these programs received at least one other draft GE result in the early 2010s, 

but it is possible that college leaders did not take the draft results as seriously as the public data 

release. Systematic interviews with for-profit college leaders would provide more information on 

this important question. 

The second possible mechanism that could have led to program and college closures after 

a poor result is pressure from other stakeholders. The two non-federal portions of the regulatory 

triad, state authorizing agencies and accrediting bodies, share responsibility for maintaining the 

quality of for-profit colleges. Historically, neither of these organizations has taken a hard line on 

student outcomes, although that is starting to change due to pressure from state attorneys general, 

consumer advocates, and members of Congress. State authorizing agencies vary considerably in 

their capacity to monitor for-profit colleges and little information is available on the 

effectiveness of different states’ strategies in improving student outcomes (Tandberg, Bruecker, 

and Weeden 2019). Accrediting agencies, and national accreditors like ACICS in particular, have 
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traditionally focused more on institutional finances than academic quality (United States 

Government Accountability Office 2014; Kelchen 2017).  

The third possible mechanism is that colleges closed low-performing programs due to the 

possibility of voting with their feet to choose other institutions. Based on a review of local media 

coverage through a Google News search covering 2017, it appears that most media attention was 

devoted to covering colleges that had programs fail GE instead of focusing on programs in the 

oversight zone (e.g., Alaimo 2017; Dattilio 2017). Since our results show that the effects were 

much larger along the passing threshold than the zone threshold, it appears that public perception 

of programs likely played a smaller role than the other two possible mechanisms. 

 An interesting research and policy question is whether colleges saw market opportunities 

based on whether a program performed poorly on the GE metric. Colleges in the same area with 

high-performing programs may wish to expand their programs if a competing program 

performed poorly on GE, and other institutions may have examined starting new programs if 

they saw an opening. There is some evidence of this occurring when colleges faced sanctions for 

cohort default rates (Cellini et al. 2020), and this could be explored at the program level using a 

combination of Internet searches and IPEDS completion data by CIP code. 

 Finally, the recent release of program-level earnings data in the College Scorecard creates 

an opportunity to examine whether there is a relationship between program-level earnings, debt, 

and repayment outcomes and program or college closures. Our findings suggest that for-profit 

institutions are responsive to receiving additional information on student outcomes, matching 

prior research on the flexibility of for-profit colleges (Deming et al. 2012). However, public and 



27 

 

private nonprofit colleges may not be able to respond as quickly due to shared governance and 

tenure policies in these sectors.  
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Table 1: Programs' performance across gainful employment data releases. 

Status in later release (pct) Pass Zone Fail 

Panel A: 2012 draft data release 

   Performance in 2013 data 

     Pass 34.1 -- 1.0 

  Zone 8.5 

 

14.1 

  Fail 12.2 -- 77.1 

  Not in dataset 45.2 -- 7.8 

Performance in 2017 data 

     Pass 27.1 -- 3.1 

  Zone 9.0 -- 9.4 

  Fail 5.0 -- 31.8 

  Not in dataset 58.9 -- 55.7 

Number of observations 5,380 0 192 

Panel B: 2013 draft data release 

   Performance in 2017 data 

     Pass 53.9 14.9 15.5 

  Zone 10.2 26.5 13.8 

  Fail 1.5 16.3 19.4 

  Not in dataset 34.4 42.3 51.2 

Number of observations 2,044 551 1,185 

Sources: Negotiated rulemaking documents (2012 and 2013 data releases), Office of Federal Student 

Aid (2017 data release) 

Notes: 

   (1) Percentages add up within a column. 

  (2) There was no "zone" status in the 2012 data release. 

 (3) Each of the three GE data releases used somewhat different metrics. Notably, the 2012 release 

included a repayment rate metric, while the 2013 release included a cohort default rate metric. 

(4) The sample is limited to undergraduate programs at for-profit colleges. 
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Table 2: Program status across data sources by 2017 GE result. 
   Pass Zone Fail Total 

Based on authors' search (February 2019, pct) 

      College closed (pct) 19.3 26.9 42.6 24.6 

  College open, program closed 9.1 11.6 14.3 10.5 

  College open, program open 71.7 61.4 43.1 65.0 

Based on IPEDS completions data (2017-18, pct) 

      College closed 15.4 22.5 28.6 19.0 

  College open, program closed 10.1 11.3 13.5 10.8 

  College open, program open 74.6 66.3 58.0 70.2 

Comparing the two data sources (pct) 

      College closed in IPEDS and in search 11.9 18.3 24.4 15.3 

  College closed in IPEDS, open in search 3.5 4.1 4.2 3.8 

  College open in IPEDS, closed in search 7.4 8.6 18.2 9.3 

  College open: Program closed in IPEDS and search 3.6 4.1 4.4 3.8 

  College open: Program closed in IPEDS, open in search 5.2 4.6 5.1 5.1 

  College open: Program open in IPEDS, closed in search 4.7 6.7 8.5 5.7 

  College open: Program open in IPEDS and search 63.7 53.5 35.2 57.1 

Number of programs 2,924 1,091 721 4,736 

Sources: Authors' examinations of institutional websites, Federal Student Aid data on college closures, 

and IPEDS completions surveys. 

Notes: 

    (1) Percentages add up to 100 within a column. 

 (2) The "program open" measure using IPEDS data was based on whether there was at least one 

graduate at that credential level/CIP code combination in a given year. The "college open" measure was 

based on whether there were any graduates reported for that UnitID. 

 

  



41 

 

Table 3: Summary statistics by 2017 GE status. 

      Pass Zone Fail 

Characteristic (mean) Mean (SD) Mean (SD) Mean (SD) 

Institutional characteristics 

      3-year default rate (pct) 14.0 (7.3) 15.1 (6.2) 16.1 (5.6) 

1-year repayment rate (pct) 33.0 (14.4) 27.6 (11.7) 22.8 (9.8) 

Pct female 71.4 (25.1) 72.9 (21.9) 66.0 (20.0) 

Pct black 23.2 (21.0) 24.0 (21.9) 29.3 (24.9) 

Pct Hispanic 22.0 (23.5) 21.6 (22.9) 18.3 (20.7) 

FTE enrollment 3,182 (13,105) 2,907 (11,846) 2,807 (11,384) 

Per-FTE total revenue 36,149 (111,612) 46,775 (126,594) 79,176 (156,064) 

Pct revenue from Title IV 72.9 (13.5) 75.5 (11.1) 76.4 (10.9) 

Accreditor: regional (pct) 17.1 (37.7) 21.3 (40.9) 27.3 (44.6) 

Accreditor: specialized (pct) 26.5 (44.1) 27.7 (44.8) 12.6 (33.2) 

Accreditor: ACICS (pct) 21.5 (41.1) 29.1 (45.5) 42.2 (49.4) 

Accreditor: other national (pct) 34.8 (47.6) 21.6 (41.2) 18.4 (38.8) 

Program characteristics 

      Certificate program (pct) 71.2 (45.3) 53.8 (49.9) 21.2 (40.9) 

Associate degree program (pct) 18.0 (38.4) 36.5 (48.2) 56.6 (49.6) 

Bachelor's degree program (pct) 10.8 (31.1) 9.7 (29.6) 22.2 (41.6) 

CIP: personal services (pct) 24.7 (43.1) 31.5 (46.5) 20.7 (40.5) 

CIP: health (pct) 42.4 (49.4) 31.6 (46.5) 24.4 (43.0) 

CIP: skilled trades (pct) 17.4 (37.9) 11.0 (31.3) 10.0 (30.0) 

CIP: business (pct) 8.5 (27.9) 9.2 (28.9) 10.8 (31.1) 

CIP: other (pct) 7.0 (25.6) 16.7 (37.3) 34.1 (47.4) 

2012 GE: pass (pct) 48.3 (50.0) 43.5 (49.6) 36.6 (48.2) 

2012 GE: fail (pct) 0.2 (4.5) 1.6 (12.7) 8.3 (27.6) 

2013 GE: pass (pct) 36.6 (48.2) 19.0 (39.2) 4.0 (19.7) 

2013 GE: zone (pct) 2.5 (15.6) 13.2 (33.9) 12.2 (32.8) 

2013 GE: fail (pct) 6.1 (23.9) 14.6 (35.3) 31.3 (46.4) 

Number of colleges 1,130 593 260 

Number of programs 2,924 1,091 721 

Sources: Federal Student Aid (GE results, CIPs, accreditors, default and repayment rates, and 

revenue from Title IV), IPEDS (all other measures). 

Notes:  

      

(1) Gainful employment results, CIP code, and credential level are all at the program level. The rest 

of the data are at the institutional level. 

(2) Data are primarily from the 2015-16 academic year, with default and repayment rates coming 

from the 2014-15 academic year because they are not known to the college until the 2015-16 
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academic year. 

(3) If a program or college did not have data from the most recent year, we substituted in data from 

one of the two preceding years. 

 

Table 4: Density tests of the forcing variable along the pass/zone and zone/fail thresholds. 

Comparison Bandwidth 1000 Bandwidth 500 Bandwidth 250 

Pass vs. zone 

   All programs 

     T-statistic -3.792 -2.356 -1.534 

  P-value <0.001 0.019 0.125 

  Number of observations 3,319 2,047 1,129 

Accreditor: ACICS 

     T-statistic -4.096 -3.847 -1.611 

  P-value <0.001 <0.001 0.107 

  Number of observations 847 547 302 

Accreditor: Specialized 

     T-statistic -1.235 0.949 0.172 

  P-value 0.217 0.343 0.172 

  Number of observations 1,045 661 377 

Accreditor: Other 

     T-statistic -1.675 -1.338 -1.201 

  P-value 0.094 0.181 0.230 

  Number of observations 1,423 837 450 

Zone vs fail 

   All programs 

     T-statistic 1.094 -1.704 0.634 

  P-value 0.274 0.088 0.526 

  Number of observations 1,560 1,008 501 

Accreditor: ACICS 

     T-statistic -0.683 -1.591 0.310 

  P-value 0.495 0.112 0.757 

  Number of observations 508 294 159 

Accreditor: Specialized 

     T-statistic 1.219 -1.583 -0.274 

  P-value 0.223 0.114 0.784 

  Number of observations 391 322 144 

Accreditor: Other 

     T-statistic 1.888 0.426 1.053 
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  P-value 0.059 0.670 0.292 

  Number of observations 660 391 196 

Notes: 

   (1) Results are from the rddensity command in Stata. 

 (2) The "other" accreditor category includes regional accreditors and non-ACICS specialized 

accreditors. 

(3) The zone vs. fail measure excludes all programs that passed GE. 
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Table 5: OLS estimates of the relationship between 2017 GE status and program/college closures. 

  Program closure   College closure 

 

By 2017-18 By Feb. 2019 

 

By 2017-18 By Feb. 2019 

Characteristic Coeff. (SE) Coeff. (SE)   Coeff. (SE) Coeff. (SE) 

2017 GE: pass -0.029* (0.017) -0.030 (0.019) 

 

-0.025 (0.016) -0.009 (0.020) 

2017 GE: fail 0.003 (0.026) 0.059** (0.029) 

 

-0.009 (0.022) 0.048 (0.030) 

3-year default rate  0.102 (0.170) 0.282 (0.188) 

 

0.181 (0.174) 0.261 (0.203) 

1-year repayment rate  -0.278*** (0.102) -0.226* (0.126) 

 

-0.120 (0.098) -0.158 (0.149) 

Pct female 0.046 (0.051) 0.033 (0.061) 

 

-0.008 (0.050) 0.019 (0.061) 

Pct black 0.008 (0.056) 0.101 (0.064) 

 

0.061 (0.060) 0.158** (0.075) 

Pct Hispanic -0.032 (0.052) -0.067 (0.060) 

 

-0.056 (0.052) 0.030 (0.071) 

Log FTE enrollment -0.077*** (0.007) -0.055*** (0.008) 

 

-0.089*** (0.009) -0.062*** (0.008) 

Log per-FTE total 

revenue -0.027*** (0.008) -0.004 (0.009) 

 

-0.031*** (0.010) -0.014 (0.012) 

Pct revenue from Title 

IV 0.022 (0.115) 0.179 (0.125) 

 

-0.043 (0.112) -0.018 (0.142) 

Accreditor: specialized  -0.087* (0.047) -0.131** (0.054) 

 

-0.075 (0.049) -0.095* (0.057) 

Accreditor: ACICS  0.133** (0.052) 0.233*** (0.055) 

 

0.097 (0.060) 0.253*** (0.071) 

Accreditor: national -0.044 (0.044) -0.074 (0.051) 

 

-0.074 (0.049) -0.072 (0.060) 

Certificate program -0.011 (0.039) -0.059* (0.035) 

 

-0.117*** (0.031) -0.150*** (0.035) 

Associate degree 

program 0.055 (0.034) -0.028 (0.033) 

 

-0.041 (0.031) -0.095*** (0.033) 

CIP: personal services  -0.143*** (0.035) -0.179*** (0.040) 

 

-0.046 (0.030) -0.048 (0.033) 

CIP: health  -0.061** (0.026) -0.177*** (0.029) 

 

-0.027 (0.020) -0.074*** (0.024) 

CIP: skilled trades  -0.004 (0.030) -0.084** (0.034) 

 

-0.035 (0.022) -0.027 (0.030) 

CIP: business  -0.008 (0.033) -0.136*** (0.034) 

 

-0.020 (0.026) -0.091*** (0.032) 

2012 GE: pass  -0.041** (0.020) 0.023 (0.024) 

 

-0.012 (0.018) 0.065*** (0.022) 

2012 GE: fail  -0.006 (0.052) 0.003 (0.062) 

 

-0.042 (0.047) 0.052 (0.066) 

2013 GE: pass  -0.037 (0.023) -0.077*** (0.024) 

 

0.001 (0.020) -0.033 (0.023) 

2013 GE: zone  0.012 (0.033) -0.021 (0.036) 

 

0.020 (0.028) 0.023 (0.036) 

2013 GE: fail  0.028 (0.027) 0.037 (0.036) 

 

0.057** (0.024) 0.063** (0.032) 

Number of observations 4,548 4,548   4,548 4,548 

R-squared 0.243 0.270   0.346 0.299 

Sources: See Table 3.  

         Notes: 

         (1) * represents p<.10, ** represents p<.05, and *** represents p<.01. 

     (2) Standard errors are clustered at the opeid level. 

      (3) Reference groups include zone (2017 GE), regional (accreditor), other (CIP), bachelor's degree program (credential level), and 

no data (2012 and 2013 GE). 
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Table 6: RD estimates of the relationship between passing GE in 2017 (versus not passing) and 

program and college closures. 

  By 2017-18 By Feb. 2019 

Effect of passing GE Coeff. (SE) N Coeff. (SE) N 

Program closures 

      Bandwidth 1000 -0.026 (0.018) 3,186 -0.019 (0.019) 3,186 

Bandwidth 500 -0.043** (0.020) 1,995 -0.021 (0.020) 1,995 

Bandwidth 250 -0.058** (0.026) 1,096 -0.041 (0.025) 1,096 

College closures 

      Bandwidth 1000 -0.023 (0.016) 3,186 0.009 (0.020) 3,186 

Bandwidth 500  -0.040** (0.018) 1,995 0.007 (0.020) 1,995 

Bandwidth 250  -0.056** (0.023) 1,096 -0.002 (0.024) 1,096 

Notes:             

(1) * represents p<.10, ** represents p<.05, and *** represents p<.01. 

  (2) Standard errors are clustered at the opeid level. 

   (3) Regressions control for the same set of institution-level and program-level variables as listed in 

Tables 3 and 5 as well as first- and second-order polynomials of the distance from the passing 

threshold.  
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Table 7: RD estimates of the relationship between zone GE status in 2017 (versus failing) and 

program and college closures. 

  By 2017-18 By Feb. 2019 

Effect of zone GE Coeff. (SE) N Coeff. (SE) N 

Program closures 

      Bandwidth 1000 -0.002 (0.027) 1,528 -0.058** (0.027) 1,528 

Bandwidth 500 0.045 (0.028) 984 0.000 (0.031) 984 

Bandwidth 250 0.056 (0.040) 490 0.026 (0.043) 490 

College closures 

      Bandwidth 1000 -0.015 (0.024) 1,528 -0.036 (0.027) 1,528 

Bandwidth 500 0.010 (0.022) 984 0.005 (0.027) 984 

Bandwidth 250 0.003 (0.030) 490 0.009 (0.035) 490 

Notes:             

(1) * represents p<.10, ** represents p<.05, and *** represents p<.01. 

  (2) Standard errors are clustered at the opeid level. 

   (3) Regressions control for the same set of institution-level and program-level variables as listed in 

Tables 3 and 5 as well as first- and second-order polynomials of the distance from the zone threshold.  
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Table 8: RD estimates of the relationship between GE status in 2017 and closures by institutional 

accreditor. 

  By 2017-18   By Feb. 2019 

Accreditor Coeff. (SE) N   Coeff. (SE) N 

Pass vs. not pass 

       Program closed 

         All accreditors -0.043** (0.020) 1,995 

 

-0.021 (0.020) 1,995 

  Specialized accreditor -0.005 (0.026) 643 

 

0.019 (0.026) 653 

  ACICS -0.148*** (0.056) 540 

 

-0.023 (0.050) 540 

  Other accreditor -0.032 (0.030) 810 

 

-0.061* (0.033) 810 

College closed 

         All accreditors -0.040** (0.018) 1,995 

 

0.007 (0.020) 1,995 

  Specialized accreditor -0.018 (0.023) 643 

 

0.009 (0.023) 643 

  ACICS -0.093* (0.052) 540 

 

0.081 (0.055) 540 

  Other accreditor -0.049** (0.023) 810 

 

-0.056** (0.026) 810 

Zone vs. fail 

       Program closed 

         All accreditors 0.045 (0.028) 984 

 

0.000 (0.031) 984 

  Specialized accreditor -0.029 (0.045) 312 

 

-0.032 (0.049) 312 

  ACICS 0.075 (0.052) 287 

 

-0.010 (0.054) 287 

  Other accreditor 0.057 (0.048) 384 

 

0.023 (0.052) 384 

College closed 

         All accreditors 0.010 (0.022) 984 

 

0.005 (0.027) 984 

  Specialized accreditor -0.021 (0.042) 312 

 

0.026 (0.039) 312 

  ACICS 0.014 (0.042) 287 

 

-0.040 (0.054) 287 

  Other accreditor -0.001 (0.033) 384   0.007 (0.044) 384 

Notes: 

  

  

   

  

(1) * represents p<.10, ** represents p<.05, and *** represents p<.01. 

  (2) Standard errors are clustered at the opeid level. 

    (3) Regressions control for the same set of institution-level and program-level variables as listed in 

Tables 3 and 5 as well as first- and second-order polynomials of the distance from the zone threshold.  

(4) Only the results using the bandwidth of 500 are shown here for the sake of brevity. Results from 

other bandwidths can be found in Appendix 5. 
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Appendix A.3: RD estimates of the relationship between passing GE in 2017 (versus not passing) 

and program and college closures. 

  By 2017-18 By Feb. 2019 

Effect of passing GE Coeff. (SE) N Coeff. (SE) N 

Program closures 

      Bandwidth 1000 -0.026 (0.018) 3,186 -0.019 (0.019) 3,186 

Bandwidth 500 -0.042** (0.020) 1,995 -0.021 (0.020) 1,995 

Bandwidth 250 -0.059** (0.026) 1,096 -0.041 (0.025) 1,096 

College closures 

      2017 GE: pass -0.023 (0.016) 3,186 0.009 (0.020) 3,186 

2012 GE: pass  -0.040** (0.018) 1,995 0.007 (0.020) 1,995 

2012 GE: fail  -0.056** (0.023) 1,096 -0.003 (0.024) 1,096 

Notes:             

(1) * represents p<.10, ** represents p<.05, and *** represents p<.01. 

 (2) Standard errors are clustered at the opeid level. 

   (3) Regressions control for the same set of institution-level and program-level variables as listed in 

Tables 3 and 5 as well as a first-order polynomial of the distance from the passing threshold.  
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Appendix A.4: RD estimates of the relationship between zone GE status in 2017 (versus failing) 

and program and college closures. 

  By 2017-18 By Feb. 2019 

Effect of zone GE Coeff. (SE) N Coeff. (SE) N 

Program closures 

      Bandwidth 1000 -0.002 (0.027) 1,528 -0.062** (0.027) 1,528 

Bandwidth 500 0.046 (0.028) 984 0.000 (0.031) 984 

Bandwidth 250 0.058 (0.040) 490 0.026 (0.043) 490 

College closures 

      Bandwidth 1000 -0.016 (0.025) 1,528 -0.036 (0.027) 1,528 

Bandwidth 500 0.013 (0.022) 984 0.007 (0.027) 984 

Bandwidth 250 0.004 (0.030) 490 0.009 (0.035) 490 

Notes:             

(1) * represents p<.10, ** represents p<.05, and *** represents p<.01. 

 (2) Standard errors are clustered at the opeid level. 

   (3) Regressions control for the same set of institution-level and program-level variables as listed in 

Tables 3 and 5 as well as a first-order polynomial of the distance from the zone threshold.  
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Appendix A.5: RD estimates of the relationship between GE status in 2017 and closures by institutional accreditor using different 

bandwidths. 

  Bandwidth 1000   Bandwidth 250 

 

By 2017-18 By Feb. 2019 

  

By 2017-18 By Feb. 2019 

 Accreditor Coeff. (SE) Coeff. (SE) N   Coeff. (SE) Coeff. (SE) N 

Pass vs. not pass 

           Program closed 

             All accreditors -0.026 (0.018) -0.019 (0.019) 3,186 

 

-0.069** (0.026) -0.041 (0.025) 1,096 

  Specialized accreditor -0.002 (0.023) 0.013 (0.025) 965 

 

-0.029 (0.033) -0.002 (0.032) 369 

  ACICS -0.103** (0.047) -0.024 (0.041) 836 

 

-0.197*** (0.070) -0.059 (0.067) 298 

  Other accreditor -0.024 (0.026) -0.081** (0.032) 1,381 

 

-0.001 (0.037) -0.059 (0.041) 429 

College closed 

             All accreditors -0.023 (0.016) -0.009 (0.020) 3,186 

 

-0.056** (0.023) -0.002 (0.024) 1,096 

  Specialized accreditor -0.012 (0.022) 0.018 (0.022) 965 

 

-0.043 (0.030) -0.004 (0.028) 369 

  ACICS -0.043 (0.040) 0.064 (0.042) 836 

 

-0.119* (0.068) 0.055 (0.071) 298 

  Other accreditor -0.042* (0.024) -0.070** (0.031) 1,381 

 

-0.024 (0.026) -0.039 (0.030) 429 

Zone vs. fail 

           Program closed 

             All accreditors -0.002 (0.027) -0.058** (0.027) 1,528 

 

0.056 (0.040) 0.026 (0.043) 490 

  Specialized accreditor -0.039 (0.044) -0.080* (0.048) 380 

 

-0.001 (0.049) 0.013 (0.066) 138 

  ACICS -0.005 (0.045) -0.031 (0.047) 498 

 

0.149* (0.083) 0.029 (0.076) 156 

  Other accreditor 0.029 (0.042) -0.054 (0.041) 649 

 

0.058 (0.056) 0.037 (0.069) 194 

College closed 

             All accreditors -0.015 (0.024) -0.036 (0.027) 1,528 

 

0.003 (0.030) 0.009 (0.035) 490 

  Specialized accreditor -0.028 (0.043) 0.004 (0.042) 380 

 

0.034 (0.044) 0.071 (0.051) 138 

  ACICS -0.023 (0.041) -0.049 (0.047) 498 

 

0.004 (0.060) -0.015 (0.067) 156 

  Other accreditor 0.011 (0.032) -0.024 (0.038) 649   -0.029 (0.049) -0.015 (0.052) 194 

Notes: 

    

  

     

  

(1) * represents p<.10, ** represents p<.05, and *** represents p<.01. 

       (2) Standard errors are clustered at the opeid level. 

        (3) Regressions control for the same set of institution-level and program-level variables as listed in Tables 3 and 5 as well as first- and second-
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order polynomials of the distance from the zone threshold.  

 


